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This article develops probability equations for an asset value through time, assuming continuous correlated differentiable Gaussian
distributed noise. Ito’s (1944) stochastic integral and a generalized Novikov’s (1919) theorem are used. As an example, the
mathematical model is used to generalize the Black and Scholes’ (1973) equation for pricing financial instruments. The article
connects the Kolmogorov (1931) probability equation to arbitrage and to how financial instruments are priced, where more
generally, the mathematical model based on differentiable noise may improve or be an alternative for forecasts. The article
contrasts with much of the literature which assumes continuous nondifferentiable uncorrelated Gaussian distributed white noise.
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1. Introduction

Essential in the pricing of financial instruments is Black and
Scholes’ [1] partial differential equation, which is based on
white noise and the Ito [2] stochastic integral. Differential
equations with continuous nondifferentiable uncorrelated
Gaussian distributed noise, also known as the Wiener process
or Brownian motion, are widespread in science [3, 4]. The Kal-
man-Bucy filter [5, 6] in navigation is one application of white
noise and the Ito [2] stochastic integral. The filter has a proce-
dure for estimating the state of a system that satisfies a linear
differential equation based on a series of noisy observations.

The noise in this article is continuous and differentiable
with nonzero correlation time, which allows the Riemann-
Stieltjes integration. Correlation time is the amount of time
for the noise signal to repeat in a statistical sense. Differen-
tiable noise enables forecasts in a strong sense. Forecasts
using differential equations involving noise are important
in many sciences, for example, finance and navigation. In
finance, an arbitrage investor may in principle spot the
direction of price movements of various securities and
exploit market opportunities by trading costlessly and con-
tinuously through time.

This article has a general objective, that is, the development
of probability differential equations for an asset value through
time, based on continuous differentiable noise with correlated
Gaussian distributed noise. The correlation function can be
used for forecasts. This is exemplified by generalizing the Black
and Scholes’ [1] equation. The article furthermore develops a
Kolmogorov equation from a generalized Novikov’s [7] theo-
rem for Gaussian noise. Realizations and solutions based on
random draws from probability distributions are studied.
The literature develops the Kolmogorov [8] equation (also
known as the Fokker-Planck equation [9, 10]) from Ito’s
[2] interpretation of the Langevin [11, 12] equation with noise.

It is reasonable that, according to classical physics, noise
is in principle differentiable. However, on practical time
scales, noise may vary too much to be observed as differen-
tiable. This may cause accuracy problems in numerical inte-
grations since the results depend too much on the discrete
time points for integration. This problem can be solved by
developing a mathematical theory that does not apply differ-
entiability but calculates expectations of integrals involving
noise. This is done in the Ito [2] or Fisk-Stratonovich [13,
14] stochastic integrals. Alternatively, as in this article, one
may assume that noise is differentiable, but that explicit
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solutions only are achievable statistically. That means that the
noise is only described through joint cumulants. Differentiable
noise is easier to handle due to the Riemann-Stieltjes integra-
tion. Nondifferentiable noise may be more practical for
numerical calculations since noise can be drawn randomly at
different points in time by a computer. Analytically, stochastic
integrals based on the Fisk-Stratonovich [13, 14] stochastic
integrals and not the Ito [2] stochastic integral can provide a
better mathematical approach since solutions coincide with
differentiable uncorrelated Gaussian noise. See Sussmann
[15] for a more exhaustive discussion about differentiable
and nondifferentiable noise.

Differentiable noise has been used in finance [16] and
physics [17], and fractional Brownian motion introduces a
correlation between noise increments [18, 19]. In finance,
the correlation in fractional Brownian motion can be used
to achieve statistical arbitrages [20-23]. More generally, frac-
tional Brownian motion is used as a model for the arrivals of
network packets, involving researchers in theoretical phys-
ics, hydrology, and biology [24, 25]. These so-called stochas-
tic differential equations have been solved through Ito’s [2]
and Fisk-Stratonovich’s [13, 14] development of stochastic
integrals [13, 14]. Other types of stochastic integrals have
been developed, for example, by Hu and @ksendal [22].

The path integral formalism originally developed within
quantum mechanics also applies a type of stochastic integral.
The method was subsequently further developed in non-
equilibrium statistical mechanics and is more general than
Ito’s [2] stochastic integral since it can be applied to a broad
range of distributions, not only Gaussian distributions [26].
Kleinert [26] suggests that non-Gaussian noise may be
important, especially in finance.

For a large class of semielliptic second-order partial dif-
ferential equations, a corresponding Dirichlet [27] boundary
problem can be solved by the solutions of associated stochas-
tic differential equations. The Feynman-Kac [28] equation
offers a method of solving partial differential equations by
simulating stochastic paths [29]. In quantum chemistry, sto-
chastic methods are used to solve the Schrodinger equation
with the Pure Diffusion Monte Carlo method [30, 31].

Section 2 presents the Langevin [11, 12] differential
equation and discusses relations for correlated and uncorre-
lated noise, not necessarily Gaussian. Section 3 uses a gener-
alized Novikov’s [7] theorem to develop the partial
differential equation for differentiable noise, with correlated
or uncorrelated Gaussian distributed noise. Section 4 gener-
alizes the Black and Scholes [1] partial differential equation.
Section 5 conducts a random draw to give an equivalent and
associated stochastic process. Section 6 considers limitations,
opportunities, and future research. Section 7 concludes.

2. Differential Equation and Correlation
Relations for Differentiable Noise

Let S(¢) be given by the first-order ordinary Langevin [11,
12] differential equation.

8(1) = Gi(1:8(1)) + Gy (1, 5(1))5(1) (1)
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where “dot” means time derivative and S(¢) is a real,
continuous, and differentiable function with respect to
time t>1t,>0. S(f) may be the value of an asset through
time. For simplicity, we usually write S(¢) for S(¢,t,,s,),
where S(t,, t,5,) =5, is the initial asset value at time f,.
The functions G,(¢,S(t)) and G,(t,S(t)) are externally
given real functions which are continuous and differentiable

with respect to ¢t and S(¢). &(¢) = {(¢) is the noise derivative
which is an externally given real, continuous function with
respect to time #, that is, the time derivative of the noise {(¢)
which is continuous and differentiable.

In (1), &(¢t) may be random only at time ¢ = ,,. Riemann-
Stieltjes integration is possible since &(¢) is well behaved.
Equation (1) has solutions, meaning that given the initial
conditions of f;, and s, the future behavior of S(¢) is
completely determined. See Appendix A for examples of dif-
ferentiable noise. For a definition of a stochastic variable and
a stochastic process, see Appendix B. Nondifferentiable
noise is practically drawn stochastically at each point in time
t throughout the time development. See Sussmann [15] for
exhaustive mathematical precision.

The noise derivative &(¢) is assumed to have zero expec-
tation, nonzero variance, and nonzero correlation, that is,

2

E(E(1) = 0.E(§(E (1)) = Z—Tn(yt— ‘)@

where “E” means expectation, IT () is some function to be
defined, 7 is a correlation time, and o2 is the strength of
the correlation. Correlation time 7 is the amount of time
for the noise signal to repeat in a statistical sense. In general,
the correlation strength 0 may depend on time ¢ but is set
time-independent unless otherwise specified.

We define

where I'(t, t,) expresses the integral of the expected value of
the product of the noise derivative £(¢) at the actual time ¢
and the noise derivative £(v) at time v, integrated from ¢,
to t of the variable v, and T (t,t,) expresses the integral of
the expected value of the product of the noise derivative
E(t,) at the initial time ¢, and the noise derivative &(v)
at time v, also integrated from t, to t of the variable v.
We will later see that (3) appears again in the Kolmogorov
equation.

Theorem 1.

I'(t,ty) =T(t 1) (4)
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Proof 1.

ety = | BEwEonar=3, [ 1me-v)

The equality of I'(t, t,) and I'(t, t,) in Theorem 1 means
that the integral from ¢; to ¢ of the expected value of the
product of the two noise derivatives does not depend on
whether the first noise derivative is specified at time ¢ as
E(t) or is specified at the initial time t, as &(¢,).

An example to be studied in this article is

H(}t— t’|) EH1(|t— t’\)H2(|t— t'
Hl(}t—t’|)zExp<—|t_Tt|>, ©)

m(Je-t']) = <%>zc1

where ¢ > 0 is a parameter. The exponential form IT, (|t —t'|),
which is assumed to be well-behaved for all ¢ and t', is
known as noise if it is Gaussian distributed. When 7
approaches zero in (6), the well-known Dirac delta function
& () applies for IT,(|u|)/(27) since Lim,_ (I, (|u|)/(27) =
8(u). IT,(|t—t'|) relates to fractional Brownian motion.
Unless ¢>1/2, IT,(|]t —t'|) is singular at t=1¢".
Inserting (2) and (6) into (3) gives

2

I(tty) = Z—TKOHIW — V) I, (|t - v|)dv
- 0)(F) e

;11 (Ff(Zc, 0)-I; (2(:, (t;t°)>>,c>o

where the well-known Gamma function is I’ f(z,z') =[7
Exp(—u)u*'du.
Determining the limit when 7 — 0 in (7) implies

NI

Lim,_I'(t, ty) = Exp(-u)u*'du

(®)

2 T2£—1 0.2 TZC—I J-oo

?ﬁZf—l Iy(2¢,0)= 7132&1 .

which equals ¢?/2 when c=1/2, since I'y(1,0)=1 and

TZC—I/[;ZC—l =1.
Inserting ¢ = 1/2 into (7) gives

I(t,ty) = %2 (rf(l, 0) —Ff<1, (t;to)»

)

since I'p(1, (t — to/7)) = Exp(=(t — £5)/7)
Inserting ¢ =1 into (7) gives

(L ty) = %2% (I—Ff<2, tj")) (10)

since I'¢(2,0) = 1.
Let us define

©)

|

otz | [ Bewewae  an

tyd ty

which expresses the variance of the noise derivative &(¢) at
time ¢. Inserting the equations above into (11) gives

20t _ )
Q(Z)(t, ty) = i J J Exp(—u>|u—v\2“1dudv
fy

97 p2c-1
218 f T

o 1 ([ z .
=t J Exp(—‘—)\zf“ldzdv
T et T

J:iv(—z)ZC’lExp (;) dz + J:VZZHEXP (f g) dz} dv

v—t, t—v
I'i(2¢,0) T4 2c, — | |d
- >+ f(c ) f<c - )] v

~
-
P
1N
A\
=
|
‘\"1
N
1N
o

(12)

Analytical integration of the I'/( ) is not possible

unless 2c¢ is an integer. See Appendix C for examples when
c=1/2and c=1.

Denote 0Q°(t, t,)/0t, by D,Q*(t, t,). O
Theorem 2.
D0 (t,t,) = 2T (t, 1)) (13)
Proof 2.

ooty = | j;E<E<u>f<v>>dudv=E<Uif‘v)‘”D

t

D0 (t,ty) = -2E (J f(to)g(")d"> =-2I(t,,), Qed.

)

(14)
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For a comparison with fractional Brownian motion [19],
it is useful to define what can be seen as the correlation of
{(¢), to read

i

Q@ (t, £, to) = Jt Jt EE(uw)E())dudv  (15)

to 1o
where 02Q®)(t,t', t,)/0t0t" = E(E(t)E(t")).
Assuming t >t', general ¢> 0, and inserting fractional
Brownian motion with IT, (|t —t'|)=1 into (12) gives

'

2 1 t pt
R (t,t',t()) =7 [ [ |u—v|* ' dudv
0

tod ty

'

0.2 1 tpt-v e
-2 26_1[ J 2 dzdv
Ty

ty—v
'

UZ 1 t 0 t—v
= J J (7z)zc’ldz+J 2 dz | dv
2T ,3 ty—v 0

ty

2 1 1" . .
_ EﬂZHZJ[ (v to)* + (£ = v)*)]dv
o1 1
S w2

: <(t— to) ! + <t’ - t0>25+1 - (t— t’)ZC“), t>t'>t,
(16)

Assuming ¢ > 0 is necessary to achieve a converging inte-
gral in (16). In general, when t >, and t' > t,, (16) can be
rewritten as

2

1 1
0® (t,t’,t > . S
) 2t P2 (2H-1)2H

: ((t—t0)2H+ (t’ —t0>2H— ]t—t’|2H>,H> %
(17)

where H =c+ 1/2 is the Hurst parameter where ¢>0=H
> 1/2. An alternative to (17) is

o’ (t, t, to) = /\<(t —t)* + (t' - tO)ZH -t t’|2H>
(18)

where A > 0 is a parameter. Differentiating (18) with respect
to t and t' gives

2’0 (t, t, to)

,|2H72
otot’

=A2H(2H - 1)|t -t (19)

which is singular when ¢=1¢" unless H >1/2. Thus, when
H <1/2, the variance of the noise derivative £(¢) when ¢ =
t' is infinite due to division with 0 in (19). Summing up,
the above development shows that Brownian motion is
easily modelled by the exponential correlation function
Exp(—(t - ty)/7) in (13) at the limit when 7 — 0.
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Equation (17) corresponds to fractional Brownian
motion if the noise derivative &(¢) is Gaussian. Let

J” E(§(u1)§ (1) -+ &(uy)) oty dupduty -+ dity,, n=1,2,3 -+

(20)
Assuming Gaussian noise {(¢) in (20) implies

) (0 (1,,)\"
QP (1) 0,00 (1, 1) = ! ”,) <7(2 ) n=1,23-
nd

Q<2>(z,to)=52% [t—tn—ZT+Exp<—ﬂ>((t—t0)+21) e=1
T

B

-t {t_to_m(f_tu)(l_ (i), ”(;T’;))Z) +zf<1_ (Ch), (a0 <’(;T‘;)>3>]

(t=t)? “t)? (-t (- rof]
T

dzz{t—t0—21+((t—t0)+21)<1—

t
+2‘r—2([—t0)+( + -

:013 [t—tn =27+ (t—ty) - @ @) G

_ a7 (t-t)
‘”B[ <6r2>]

3. The Partial Differential Equation for
Probability Based on Differentiable Noise

The probability density is denoted as p(,t,s,,s) where
p(t, ty, sp» S)ds is the probability that the asset value S(t)
is within the interval (s,s+ds) at time ¢, t, is the initial
time, and S(t,,t,,s,) =5, is the initial asset value at time
t,. Assume without loss of generality that

00

p(t,tg, 80, 8) = J p(t, ty, 5o, )8 (s — u)du (22)

—00

which expresses that the probability density p(, ¢, so, )
equals the probability density p(t,t,, sy, #) multiplied with
the Dirac delta function (s — u) integrating the real vari-
able u from minus infinity to plus infinity.

Assuming differentiable noise {(¢) in (22) implies

dp(t, 5 S(1))
dt

D p(t tg, 50, S(t)) = =Dap(t: tg, 50, S(£))S(1)

=Dy (1 S()) + Dyp(t: o, 50, S(t))S(1) = 0

(23)

where D;, i =1, 2, denotes the derivative of the ith argument.
Conservation of the probability p(t, t,, sy, s) in (22) implies

0p(t, ty, So» S 0
ROL 0D - 2 it tyspspvits)  (24)
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where v(t, s) is a real, continuous, and differentiable function
with respect to time ¢ and asset value s. Assuming v(t,s) =

S(t) as in (1) and s = S(¢) imply
v(t,s) =G (t,s) + G, (1, 5)&(1) (25)
Inserting (25) into (24) gives

0p(t, ty, So» S 0
P Lo302) -2 (ot 14, 50)Gi (59)

- % (p(t t> 50> 5) Gy (1, 5)€(1))
- _% (p(t: Lo 50, $)Gy (1 5))
a (o]
s J,OOP(L tos So» ) Gy (1 u)&(£)0(s — u)du

(26)

with functional derivative 85(¢)/8&(t) = G, (¢, s).

To develop the last term on the right-hand side in (26),
Novikov’s [7] identity is used. It assumes the Gaussian noise
derivative &(¢) and that G,(t,s) =G,(t) depends on time t
only. Then, G,(t) can be placed outside the integral in (26)
which implies

E(G(08(0)8(:~5(0) = | EE08(0)dvxE( 5 6000 5(0)]

ty

(27)
where
52 G230~ 8(0)) = Ga(1) 006 -5(0)
:Gz(t)a;(t)S(s—S(t))gg (28)
0

=—Gz(f)2g5(5—5(t))

In Theorem 3, we generalize the identity to apply more
generally when G,(t, S(¢)) is a function of both time f and
asset value S(t).

Theorem 3. For Gaussian noise {(t),

B(G(0.S(0)(1)9(s - S(1))
- [ Ee0gav< (G000 50036 s(0)

ty

N———

Proof 3. See Appendix D.

Differentiating the expression in Theorem 3 with respect
to the noise derivative &(¢) gives

é
5z (G2(6:S(1)0(s = S(1))

_ 9G,(65(0) 35(5-5(1) o8

O(s = 8(t)) + Gy (. S(1))

o5 & a0 0%
_ 26,(65(0) a
= T(t)Gz(t, S(t))8(s = S(t)) — G, (¢, S(1)) E‘S(S - 5(t))
(30)
which implies
a 00
_§J7 Pt to, So» ) Gyt u)§(1)8(s — u)du
0 [ B (¢, u)?
= —F(t,to)ajioop(t, to,so,u)a (G (t2 ) )8(5— w)du
+ I(tt) %Jio p(t, oy 59> ) Gy (1, )8 (s — u)du

=-I(t, to)% <P(t) to> Sps 5)% (GZ(; ’) ))

aZ
+ (L t) 3% (P(t: tg: 50:5) Gy (1,5)%)

(31)
Assuming correlated differentiable Gaussian noise (¢)

and inserting (31), the generalized Fokker-Planck equation
(or Kolmogorov forward equation) [8-10] becomes

9p(t, te>s0o5) _ 0 I'(t,t,) 0 )
5 = 5 Gt ——= (Go(t:5)°) ) p(t: tos 509)
0 2
+I(6 1) 55 (Ga(t:5)°p(t: 19 50:9))

(32)

which applies I'(t, ;) in (3). The generalized Kolmogorov
[8] backward equation becomes (Appendix E)

0p(t, ty, s s T(tt) d
_P(+00): (Gl(to,so) + (2 O)aSO<G2(tO,SO)2)>

2 0Pt o> S9,5)
0s,?

L9p(b 1y S0 5) +I(t,15)Gy(t,5)
0s,

(33)

which applies I'(t, t,) in (3). The differentiable noise {(t) can
be set approximately equal to any nondifferentiable noise ~,,

in the sense that ZE") is a t-continuous differential process

such that for almost all initial conditions, lim ZE") =2,
n——aoa0

uniformly in bounded intervals, &(#) = a2§”>/at. Of interest
is the Gaussian-Wiener noise/process. When the nondiffer-
entiable noise =, = W,, where W, is the Wiener noise at time
t, the Ito [2] integral, or the Fisk-Stratonovich [13, 14] inte-
grals have been used in the literature. Sussmann [15] shows
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that for the Wiener noise, the solution, based on the Fisk-

Stratonovich [13, 14] integrals, coincides with the solution

obtained when &(t) = lim 0X/0t. Thus, (33) is also valid
n—:~oo

when applying the Fisk-Stratonovich [13, 14] integrals
within the Wiener noise/process [15]. See Appendix F for
Riemann-Stieltjes, Ito [2], and Fisk-Stratonovich [13, 14]
integrals. O

4. Generalizing Black and Scholes’ [1] Partial
Differential Equation

Whereas Black and Scholes [1] assume nondifferentiable
noise, this section develops an alternative equation assum-
ing differentiable noise £(t). Consider the expected value E
(f(t, ty, S(t, £y, 55))) of some function f(t, ¢y, S(t, ty,s,)) to
be specified, that is,

0O

Ey(ttg,80) = E(f (8 10> S(£: £, 8))) = J p(t, to> 5> $)f (1 tg, s)ds,

—00

V (8,10, 50) = f (£ to> S(t: 5 59) ) (34)

where p(t, ty,s,,s) is defined in the previous section and
s=8(t,ty,8,). Assuming correlated Gaussian noise {(t),

assuming I'(t, t,) :ﬁ E(&(ty)E(v))dv defined in (3), and
differentiating (34) with respect to the initial time ¢, give

OE, (t, ty, s 00 of (t, ty, s
vlbly ) J bt ys) L0
tO -0 tO (35)
. d5+J Mﬂt, to, s)ds
—00 atO

which is rewritten as

_OEy(t t0’50)+J p(tstor50r) (b tos) 4
at, . o,

0 0p(t, by, o5 5)
=— 2 P (L ty, S)ds
[

(00 I(tty) 0 3p(t, to, 500 5)
= ‘_m {(Gﬂtmso) t— 2 s, (Gz(twso)z)) %

= Pp(t b, 50,8
+ I (1, 10)Gy (t0: %0)* %}ﬂﬁ ty, s)ds
0

T(t,t)) @ d  ~ 0
- [(Gl(to, So) + <2 “)6_50 (Gz(to,so)2)> S +I(t, to)cz(zo,so)zm} Ey(t ty, )

(36)

which is rewritten as

el

OEy (£, £y, 5) (tty) 9 2\ | 9Ev
T+ Gy (tg>50) + 2 aTO(Gz(to’So)) TSO

= O’E, (% 0
+I(t to)Gz(to’So)zﬁ :J p(t, fo)SO,S)%ds
0 0

(37)

—00

Inserting the asset value V' =S(t, t,, s,) and the functions
G, =rsand G, =s, where r > 0 is a parameter, into (37), gives
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OE, ~ 0E, ~ ,0’Ey,
. I'(t, — 4+ I(t, - =
5%, + (rso+ (t to)so> 55, +T(t,ty)s; 35 0 (38)

As an alternative, inserting V = S(t, t,, s, ) Exp(—r(t — t,)),
which expresses depreciating asset value, the functions G, = rs
and G, =s, and ¢ =1/2 into (37), assuming constant correla-
tion strength o, and considering the limit when the correla-
tion time 7 — 0 approaches zero, give

OE 0E, o? O0E, o* ,0°E
v Vb syt + — 5o
2 7 0sy 2 7 0sy?

5, + 15, Bs, =rE,  (39)

The term (0?/2)s,(0Ey/0s, ) in (39) is absent in the orig-
inal Black and Scholes [1] equation which is based on nondif-
ferentiable white noise and the Ito [2] stochastic integral.
However, applying the Fisk-Stratonovich [13, 14] integrals
would have led to (39) [15]. Solving (39) gives

—rt+rty+ Ln[K] - Ln[so]}

1 2 2
Eo(ty, ) = = T2 (M 12) g B
v(to> So) ) f BN

o) g —((t=to)(r+0?%)) + Ln[K] - Ln[s] .
+ oErf [ NN »Ey (1 5)

= Max(s, - K, 0]
(40)

where Ln[z] is the natural logarithm of z and Erfc[z] is the
complementary error function of z.

Example 1. Consider the value E,, of a European vanilla
call option where the underlying asset price s, and the
strike price K are both s,=K=$100, the annualized
risk-free interest rate is r = 5%, the volatility of the under-
lying asset (i.e., the standard deviation of the stock’s
returns, ie. the square root of the constant correlation
strength) is o =20%, the maturity period (ie., time of
option expiration) is =1 year, and the time until matu-
rity is t — t, =1 year where f, = 0. Inserting into (40) gives
E, =11.7746. However, inserting the same values into the
Black and Scholes [1], where the term (0?/2)s,(0E/0s, )
in (39) is absent causing a slightly different (40), gives
the lower value Eyjq=10.4506, where the subscripts BS
denote Black and Scholes [1]. Using the Mathematica 13
software package (http://www.wolfram.com), Figure 1 plots
the values Eyps and E; as functions of each of the six
parameters sy, K, o0, t, r, and f;, keeping the other five
parameter values at their benchmarks specified above and
marked with a vertical dashed line in each panel.

The value E, according to (40) exceeds the Black and
Scholes [1] value Eyp¢ throughout. In Figure 1(a), E,, and
Eyps increase in s, while in Figure 1(b), they decrease in K.
In Figures 1(c), 1(d), and 1(e), Ey, and E s increase in o, t,
and r. Substantial increases in the standard deviation ¢ and
the interest rate r cause increasing discrepancies between E,,
and Ey . In Figure 1(f), Ey, and Ey 5 decrease in t,, reaching
Ey,=E,p;=0whent,=t=1.

The value of futures in finance is V = (S(t, £, s,) — K)
Exp(-r(t—t,)), where K>0 is the constant cost of
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benchmark parameter values s, = K = $100, 0 =20%, t =1, r = 5%, and t, = 0.

purchasing the futures which is subtracted from the asset
value S(t, t,, s,), which satisfies (39) since 9(S(t, ¢y, sy) — K)
Exp(—r(t —ty))/0ty =r(S(t, ty, so) — K)Exp(—r(t — t,)).
However, V = (S(t, ty,s,) — K(t,))Exp(-r(t —t,)) does not
satisfy (39) since a cost K(t,) of purchasing the futures
dependent on the initial asset value S(t,t,,s,) at time ¢,
violates (39).

Assume the asset value

V= f(t to S(t. £y, 5)) = Exp ‘J

t

fy

q(t, u)du | H(S(t, to, )

(41)
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where H(S(t,t,,s,)) and q(t,u) are arbitrary functions.
Equation (41) can be interpreted as an extended Feynman-
Kac [28] equation. Applying 0f/dt,=f q(t,t,), inserting
into (37) gives

OE, I(tt,) 0 o0\ OE,
o, +<G1(to’50)+ 2 a—SO(Gz(to’So)) b5,

- , 0’Ey
+L(610) Gyt 50)" 5 5 =4t to) By
0

(42)

5. The Random Draw Gives an Equivalent and
Associated Stochastic Process

As in (1) and (2), let S(t) be given by the differential equa-
tion with differentiable noise {(¢), that is,

8(t) = Gy (£ S(1)) + Gy(t, S(1))§(t), E(§(1))

-ue(ee (1)) - 2=

This section mimics &(t) and (43) applying a nondiffer-
entiable noise interpreted as a random draw, which can be
useful in numerical applications.

Assume that (43) is realized through the Euler [32]
scheme

(43)

I(t, 1)) 3(G,(t, S,)?
SHh:St+<G1(t,S[)+ (20) ( zastt )

)h +Gy(1,8,)d * w,

t

d x w, = Ry(0,2I(t, ty)h), ['(t, ty) = [ E(&(H)E(v))dv

Jty

(44)

where d * w, expresses a random draw from some distribu-
tion d with expectation zero and variance 2I'h and h is the
time step. Consider an arbitrary function H( ). The random
draw means that the noise is nondifferentiable and without
bounded variation, that is, E(H(S,)R;(0,2I'h)) =0, while E
(H(S,)R,(0,2I'h)*) = E(H(S,)2T'h).  Taylor
implies

expansion

H(SH,,):H<S + (G (1,5, + F(’ztﬁ‘)wymz(nsgd*w,)

:H<s,>+H’<sf><(Gl<r,st> L0t 1) 95 (5%) )>h+Gz(t,S,)d*wt>

+ ;H"(S,) (2 (G1 (t,S,)+ L(t,) 9(Ga(ts S’>2>> G,(t,8,)d * wh+ G,(t,8,)%d * wf)

2 3s,
(45)

where H'(S,) and H" (S,) mean derivative and double deriv-
ative, respectively, with respect to the asset value S, at time ¢.
Moments of higher order than two for the distribution d are
assumed to be of order h larger than one, which applies for
the Gaussian distribution. Taking the expectation E(H(S,))
of (45) and differentiating with respect to time ¢, which

Journal of Applied Mathematics

involves considering the limit as the time step h approaches
zZero, give

d _ I(t,1,)9(G,(£:5)°)\ 0
th(H(St))_E<<G1(t’St)+ 3 aSI>H(st)> (46)

+E(T(t1)Go(6 S °H'(S))

Applying partial integration of (46) and assuming that
the density p(t, ¢, Sy, s) is zero at the boundaries s=—co
and s = co imply

00
p(t, g, 50> )H(s)d —J p(t, g, 59> S)H(s)ds

il

J (AN ( G, (t,s) Lt tO)a(G éz ) )>H'(S)
+ (1, )G, (t, ) H" (5)

I,

;(p (f o1 500 ) (G (ts) + F(zto)"’(%i’s)z)»p[(s)ds

ooa2
ttOJ —Gzts

5 p(t;s))H(s)ds

0

Since H(s) is arbitrary, (47) implies

0p(t, ty, Sp> S d »1g) O 2
%:—& ((Gl(t,s)+ F(tzt )g(Gz(m) ))P(t’ t0’50’5)>

2

0
+I(t1) 55 (Ga(t:5)p(t: tor 5009))

(48)

which is equivalent to (32) which assumes differentiable
noise {(t). Equation (48) expresses that the random draw
causes a realization of the asset value S(¢) which leads to a
probability density p(t, £y, s,, s) which is equivalent for non-
differentiable and differentiable noise {(¢). Hence, the partial
differential equation in (48) for the probability density p(t,
ty,Sp»S) can be solved numerically by applying random
draws with corresponding averaging. See Appendix G for
three examples.

6. Limitations, Opportunities, and
Future Research

The use of differentiable noise {(¢) may potentially intro-
duce numerical stability issues. Future research should
develop models to mitigate instability while preserving the
benefits of differentiability. The model relies on accurately
estimating 7 and f. Advanced parameter estimation tech-
niques, such as maximum likelihood estimation or Bayesian
inference, could be integrated to enhance the robustness of
the parameter estimates. For example, instead of the product
form IT(|t —t'|) = IT,(|t —t'|)IT,(|t = t|) in (6), alternative
functional forms may be explored which may potentially
better capture market dynamics according to empirical vali-
dation. Two examples are a power-law correlation function
or a combination of exponential decays.
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When developing the generalized Fokker-Planck equa-
tion in (32) to account for differentiable noise {(t), the def-
inition I'(t,t,) = ﬁOE(E(t).f(v))dv in (3) is used to represent

the evolution of the probability density p(, ¢y, sy, s) for the
asset value S(t). Since the generalized Fokker-Planck equa-
tion is more complex than the traditional one, analytical
solutions may be challenging to obtain. The presence of
the term I'(¢,¢,) in (32) complicates the direct integration
and solution of the equation. Analogously, the complexity
of the boundary conditions and initial values in real-world
applications can be problematic. For example, the assump-
tion that the density p(t, £y, sy, s) is zero at the boundaries
s=—00 and s=00 in (46) may not hold in practical scenar-
ios. Some of these challenges may be addressed as follows:

1. Simplified numerical approaches or approximations
may be developed that can handle the complexity of
the generalized Fokker-Planck equation in (32). For
instance, finite difference or spectral methods could
be adapted to better accommodate the additional
terms introduced by I'(¢, t;).

2. Stochastic simulation techniques, such as Monte
Carlo methods, may be applied to approximate the
solutions of the generalized Fokker-Planck equation
in (32). These simulations may help understand the
distributional properties of S(¢) without solving the
equation analytically.

3. Regularization techniques may be utilized to stabilise
the numerical solutions. For example, Tikhonov regu-
larization or other smoothing methods could be
applied to the generalized Fokker-Planck equation
in (32) to handle the complexities introduced by the
differentiable noise terms.

4. Hybrid models may be considered that blend differen-
tiable and nondifferentiable noise processes. This
could simplify the correlation structure while retain-
ing the advantages of differentiable noise in modelling
and forecasting.

Addressing the practical numerical implementation and
parameter estimation challenges through hybrid approaches
and advanced estimation techniques may enhance the
model’s applicability and performance.

7. Conclusion

This article assumes differentiable noise with nonzero corre-
lation time and uses a generalized Novikov’s [7] theorem for
Gaussian noise to develop a Kolmogorov [8] backward equa-
tion for the probability density of an asset value as a function
of time. An example of the model is to develop an alternative
to the Black and Scholes [1] partial differential equation in
finance, which plays a major role in the pricing of financial
instruments, especially options and futures. Our partial
differential equation is generalized to account for nonzero
correlation time for the derivative of the noise with respect
to time.

Coincidence exists between solutions applying the differ-
entiable and nondifferentiable Gaussian noise when the
Fisk-Stratonovich [13, 14] integrals are used for nondiffer-
entiable noise. Realizations and solutions of the evolution
of an asset value based on randomly drawing noise from
probability distributions are developed, discussed, and ana-
lyzed. Mathematical models based on differentiable noise
can improve forecasts.

The article contrasts with the literature which commonly
applies the Ito [2] stochastic integral to develop the Kolmo-
gorov [8] equation or Fokker-Planck equation [9, 10] from
continuous nondifferentiable noise with zero correlation
time.

Appendix A. A Differentiable Noise Function as
an Example

Let the noise derivative be
E(t)=Sin(t +0) (A1)
where ¢ is time and 6 is uniformly distributed, that is,

12w, when 0<60<2m

Po(0) = { (A-2)

0, otherwise

The probability P(Sin(t + 0) <&) that &(¢) = Sin(t + 0) is
less than or equal to & is given as

P(Sin(t+6) <&) =1- ) P(ArcSin(£) + 2mi <t +6

<7 — ArcSin(&) + 27i) (A.3)

m—ArcSin(&)—t+2mi
=1- J py(0)d6
i

ArcSin(&)—t+2mi

Differentiating the probability P(Sin(t +6) <&) in (A.3)
with respect to the noise derivative £(t) gives the probability
density

a a n'—ArcSin(E)szm'
pe(§) = ggP(Sin(t+0) <) = -5 ) J
1

= 7122[/)9(71 — ArcSin(§) — t + 27i)
ey

+ pg(ArcSin(&) — t + 271i)] =

pol0)d0

ArcSin(&)—t+2mi

1
———§ <1
71(1—52) !

(A4)
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where
.[_IPg(E)dE: J_1ﬂ<1 _1€2> _ d = (ArcSin(1) —ﬂArcSin(—l)) _,
- [ ! &
5@)= | peeei=| wd& “0
b= [ popas| —E -

(A.5)

To calculate correlation, inserting t'=t+v into (A.5)
gives
g(t’) =E(t+v)=Sin(t+v+0)
= Sin(v)Cos(t + 8) + Cos(v)Sin(t + 0) (A.6)
=Sin(v) (1 -&(1)%) " + Cos(v)E(1)

which implies

peer (1) 6) = pelE(t)pec (E(1') 60))

1

= 0 (§(¢") ~sin(v) (1-§(1)?)" - Cos(v)&(1))

n(l—.{z)

(A7)
which gives the correlation
5(e(r) 0) - [ [ 8()etope (E( ) <>)ds( '\d(o)
] , E ") - Sin( - () )E(t')E
6( z —si lios(v) (t)) (t) md{(z’)d&(z)
1 ﬂ(I—E )
1/2
[ Sin(v)(1-8& Cos(v)¢ )&
=J ( ( ) -:/z ) dg
o1 rr(l—Ez)
= Sir;(v) Jilfdf + Cos(v)Jil ﬂ(lfi;)mdf
-engon(e)- 2 1)
(A.8)

which implies

I(tty)= Ji E(&(1),&(v))dv = %JZ Cos(t —v)dv = % [f [Cos(z)dz: %Sin(t— ty)

I(tty) = J E(&(ty),&(v))dv = %Jz Cos(ty—v)dv= %J QCOS(Z)dZ = %Sin(t —t)

I 0

(A.9)

Inserting the above equations into the variance of the
noise {(t) at time ¢ implies

Journal of Applied Mathematics

1 t ot
== J Cos(u — v)dudy
2 t[) rO
1 "ty
== J Cos(z)dzdv
2 ty—v

(Sin(t - v) - Sin(ty —v))dv

—Cos(t ~t,) — Cos <t' - t0> + 1+ Cos <t - t'))
(A.10)

m . %Cos(t—t') =E(¢(¢').&0))

otot’
(A.11)
Inserting t = t' into (A.10) and (A.11) implies
Q@ (t,t,t)) =1~ Cos(t — t,)
Q@ (11, (A.12)
00701 _gio(r ) =21 (s, 1)
ot
@ (Lt t) . T
00 e =Sin(t —ty) = =2I(t,ty) = =2I(t, t,)
0
(A.13)
Appendix B. Random Variable and
Stochastic Process
Let X be a random variable, where X is a function
X:0—R' (B.1)

where Q is the set of possible outcomes and X assigns a
number in R" to each element in Q.

As an example, consider two coins with an M or K for
each coin. The set of possible outcomes in tossing both coins
once is Q= {MK, MM, KK, KM}. X relates a real number to
each of the elements of this set, say for example

X(MK) =1,
X(MM) =2,
(B.2)
X(KK) =3,
X(KM) = 4

Let A be the sigma-algebra of subsets of Q. Thus, A has
for the case Q = {MK, MM, KK, KM} 15 elements, to read
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A={{MK}, {MM}, {KK}, {KM}, {MK, MM}, {MK, KK},
{MK, KM}, {MM, KK}, {MM, KM}, {KK, KM},
{MK, MM, KK}, {MK, KK, KM}, {MM, KK, KM},
{MK, MM, KK,KM}, B}
(B.3)

Consider the probability P defined as P: A — [0, 1].
The probability P is a function that relates a number in the
interval [0, 1] to each member in A, where P(?) = 0. Thus,
P is a measure on 2. We may set for the case above

P({MK}) = P({MM}) = P({KK}) = P({KM}) = .,
P({MK, MM}) = P({MK, KK}) = P({MK, KM})
= P({MM, KK}) = P({MM, KM})
= P({KK, KM) = _,
P({MK, MM, KK}) = P({MK, KK, KM})
3
= P({MM, KK,KM}) = 7,
P({MK, MM, KK, KM}) = 1, P(@) = 0
(B.4)

Generally, we let B denote a Borel set in R", such that
X':B—A (B.5)

which also can be expressed as X! (B) € A. For the example
above, P({MK}) equals the probability that X =1, that is,
P(X7'(1)) =P{MK})=1/2.

A stochastic process is a parametrized collection of ran-
dom variables

{Xihier (B-6)

where T is usually the half line [0, 0), an interval, or the
nonnegative integers.

The most important restriction for martingales is that
{X,},cr is a martingale if

({i}) X,s>t (B.7)

where {x,} is a nondecreasing sequence of X,.

11

Appendix C. Examples for Section 2 When ¢ =
1/2and c=1

Inserting ¢ = 1/2 into (12) gives

t —
2 {1}(1,0) —rf<1, ! Ttoﬂdv
to
t _
=o? {1 —Exp(M)]dv (C.1)
to T
=o? t—tO—T+TEXp<—t_Tt°)]

Inserting ¢ =1 into (12) gives

t
2 LT v—1,
Q()(t,to)—a BL) [Ff(2,0)—1"f<2, . )}dv

el ()

=0 e [t —ty— 27— Exp <— ! _Tt()) (—(t—ty) - 21)}

QP (t,19) =

(C2)
Hence, 00QY/dt,=-2I(t,t)= = —-0Q®/dt, which
applies generally.
Inserting (12) when ¢ = 1/2 into (14) gives
-1t
o*(t—ty— 1), (=) o
QO (t,ty) = ) (C3)
Gz((t_to) >, (t-t) 1
2T T

If the noise derivative &(t) is Gaussian distributed, taking
the limit T — 0 in (C.3) gives Brownian motion, that is,

11
Lim, % =68(u),

Q(Z)(t, ty) = Jt Jt E(&(w)&(v))dudv (C.4)

tyd 1y

= azr Jt O(u—v)dudv

tyJ Iy

Inserting (C.2) when c=1 into (14) gives

2 7 t—1t
0" — (t—ty—21),
P

O (t,t)) = r((t—t)3> _ (C.5)
0_2 0 , 0

B (6‘[2) o <1
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Assuming ¢ >t and inserting ¢ = 1/2 into (15) implies
2 2c-1

5 / _o°T v—1t,
o ><t,t ’to) = TFL |:Ff(2C, 0) —Ff<2c, - )

t—v

+T(26,0) - I (ZC, T)}dv

2 ot _ _
:(LJ {1—Exp<7(t0 V)>+1—Exp<7( t+v))}dv

2 ), T T
S PYPYRN O Sl N
T2 0 P\ 7% Pl 77

t—t ,
-7 1+Exp - S E>t >ty

Assuming t'>tand inserting ¢ =1/2 into (15) implies
(2) / o’ ' ’ ty— t'
0 (t,t,t0>=7 t+t' —|t—t'| =2ty + 7| Exp -

(C.7)

¢

Inserting t = t' into (C.6) and (C.7) gives Q(z)(t, tty)
=02t —t, + T(Exp(—(t — ty)/7) — 1)], which confirms (12).
Equations (C.6) and (C.7) can also be expressed as

SIRS

t

, , t— t -
(t+t—‘t—t|—2t0—r), >1, —2
T

Q(2J(t,r’,t(,): / 2 2
2 [ (t=t,)? (f ‘fn) t—t' t-t, t'—t t—t'
( 0)+ +| ‘ ,7°<<1,7°<<1,u<<1
T T

Q

|

27 2t 2t T

(C.8)

Equation (C.8) implies Lim__ Q@ (t,¢',t,) = o?[(t -
to) + (t' —t,) — |t —t'[]/2, which is Brownian motion if the
noise derivative £(¢) is Gaussian.

Assuming ¢ >t and inserting ¢ = 1 into (15) imply

' v—t, t-v
[t [rf(z,o)frf<2, - >+I’f(2,0)—1"f<2, T)]dv
0
¢! _ _
[heo2) e ()
o T T
, to—t' ) )
-2+t +Exp — (21’+t—t0)—t0 +t —t,
t t' , t
(—;) (Exp <?> (—t—21+t ) +Exp<?>(t+21— to)>
A GV Sl VP
=__ 2t — X _
2B 0 P T ( 0 )

ty—t t'—t\,/,
+ Exp . (t—ty+27) + Exp . (t—t—21>,

t>t' >t (C.9)

N|QN

o’ (t, t, t0>

N‘QN

™A ™R ™A

N‘QN

+
5
=
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Assuming t' >t and inserting ¢ = 1 into (15) imply

o’ to—t'
Q<2>(t,t’,t0>:73 <t+t’|tt’}2tozr+Exp<°T

to—t
.(t/—t0+21~>+Exp<0 )(t—t0+2‘r)
T

+Exp(—@) (—|t—t’| —21))

Inserting t = ¢’ into (C.9) and (C.10) gives Q) (t,t,¢,)
=0 (t/B)[t — t, — 21 + Bxp(—(t — to)/7)((t — t,) + 27)], which
confirms (C.2).

(C.10)

Appendix D. Kolmogorov [8] Forward Equation
and Novikov’s [7] Identity

Consider the differential equation in (1), that is,
§(0)= G, (65(0) + Gy (6 SO (D)

where G,(t,S(t)) = f(S(¢))g(t). The function g(t) can be
absorbed into the noise derivative &(t) to give the correlation
strength o2 of the noise dependent on time t. Thus, we set
that G, = G,(S(¢)) = G,(S) is independent of time .

We introduce

e 1
D,(8) = L}O O (D.2)

and assume invertibility such that S= S;(®), where O(¢) =
@,(S(¢)). Differentiating (D.2) with respect to time ¢ gives

9 sy = S _ GBS ey~ o o) + £ (D.3)

0= 5550 5,5 = 6,9

where

Gi(t So(?))

G (50(®)) (D-4)

Q(l‘, D)=

The Fokker-Planck equation [9, 10] for ®(t) applies
Novikov’s [7] identity

2

0 0
0, (t, ) =—=— t, $)Q(t, I'— t, D.5
po(t:9) == 55 (Po(t:900(0.9)) + T 5 (pyl1:6)) (D)
where p,(t, ¢) is the probability density for &(t).
Let p(t, ty, Sy s) be the density of the asset value S(¢) as
defined in Section 3. The probability P(® < ¢) thus becomes

¢ S (4)
P@=9)=| py(tudu=P(S<So(9))= | ottty 5 )

—00

(D.6)
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Differentiating (D.6) with respect to @(t) gives

9 p(@<6) = py(t9) = plt o500 Sol))S(9)

36 (D.7)
= Pl 500 S () Galt S (9))

which implies
P¢(t’8<51(5)) _ s s
T(ﬁb) = p(t g 5> 9) (D-8)

Assuming an arbitrary function H(S) of the asset value S
and applying partial integration and that p(t, ¢, sy, s) is zero
at the boundaries s = —co and s = co imply

where
So(P) = G, (So(P))

So (®) = Gy(So(©))S(P) = Gy (So (P)) G2 (S (@)

(D.10)

0’ (H(Se(¢)))
0’
- 5 (H'u(0)53(9))
=So (9)H' (Sp(9)) +Sp(¢)°H" (S (9))
10 -
= EE (Gz(S@(¢)) )H (Sq>(¢))

+ Gz(5®(¢))2H”(3®(¢))

Gl<s<,«£>) = G,(So(9))

)

(D.11)

13

Hence,

J p(ts ty, so> S)H(s)ds

—00

- J” Po(t )G (1 So($) H' (So(9))d

—00

[ 1) 50 (6ot S0(0))H'(S5(9) g

[ Pyl 016 S0(9)*H" (5o(0))d0

= J p(ts to, 50, $)Gy (1, 5)H' (s)ds

r(® (G, (t,s)’
+§J p(t,to,so,s)%H'(s)ds

+FJ p(t tg S0, S)Gy(t,5)*H'" (s)ds

(D.12)

Applying partial integration and that the density p(t, ,,
S S) is zero at the boundaries s = —0o and s = co gives

J H(s)p(t, ty, g, s)ds

-0

_ Joo Hs) [_% ((Gl(t, 9+ g% (Gy(t s)z))p(t, t0)50’5)>

aZ
+ Fﬁ (Gy(t, $)2p(t, to, So» 5))]ds
(D.13)

Thus, since H(S) is arbitrary, differentiating the density
with respect to time ¢ gives

op(t, 1y, sp:8) _ 0 Iro 2
3% Gy(t.s) + 33 (Gy(t:5)7) ) p(ts Loy So59)
o2 5
+I‘ﬁ(G2(t,s) p(t, to,so,s))

(D.14)

Hence, Novikov’s [7] generalized identity is proved by
inverse calculation.

Appendix E. The Kolmogorov [8]
Backward Equation

P(x, tIxy, ty — h) — P(x, t/xy, ty)
h

_1°°thtp oy —n)-p(x Lt
_Z.LO 2y )T xp 0
t 1 (™ t
Ply, 2 ty—h) )dy=~ Plx, -t
(50t )= (o 5o0)

—p(x Lot ) V() ot —n)d
’;0’0 J’)xfo)o y
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Moreover,

t t OP(x, tlx,, t
P i) = (n o) = e 0

10%P(x, t/xy, o)

2
t (Y —x
(E.2)
Thus
OP(x, tixy, ty—h) _ OP(x, t/xpty) 1 [ ty
ato - axo ﬁj,m(y XO)P s ;O’to h dy
19P(x, tixgty) 1 [ ) t
AR EJ,OOU_"‘)) P(y’%’t“h)dy
(E.3)

where (1‘0,x0 = l/hf (y = x0)P(y, (to!xy), to — h)dy
and Gz(to,xo =(1/h j_oo(y Xp) P(y,(tO/xO),tO h)dy.

Appendix F. Riemann-Stieltjes, Ito, and Fisk—
Stratonovich [12, 13] Integrals

Let S(t) be given by the first-order ordinary Langevin [11]
differential equation defined in (1), that is,

8(t) = Gy(1,S(1)) + Gy (1, S(£))§(1) (F.1)
which has the solution

t t

G, (, S(ut))du + J G, (u, S(14))C (u)du

ty

S(t) = S(t,) +J

ty

(E.2)

where £(t) = ((¢) is the noise derivative and the noise since
{(¢) is differentiable with respect to time f. The last term
on the right-hand side in (F.2) is a traditional Riemann-
Stieltjes integral, where

t

J G, (u, S(u))E(u)du:J G, (1, S(u))E (u)du

) ty

- j Gy (1> ()l ()

N-1
=Lim, o Y Gyf

j=1

N-1
=Lim, o Y Gyf

j=1

£8(45)) (1) = €(1)
£ S(4))€(t) (£ = 1))

(F.3)

where t)=t; <t, <ty ty=t,A=Max(t,; —t)).

Assume that the noise derivative &(¢) is singular. It
exists only in some generalized sense, that is, as the distri-
butional derivative of some nondifferentiable continuous
function, for instance, the Wiener noise/process (Brownian
motion). Other processes are also possible, for example,

Journal of Applied Mathematics

the Poisson process or fractional Brownian motion. Then,
Ctj0) =€) #&(t) (tj01 — 1))

Applymg the W1ener noise W as an example of nondif-
ferentiable noise, we may set

Jt Gz(u,S(u))E(u)du=J: G, (u, S(u))dW (F.4)

ty

The Ito [2] integral now implies

IJ G (1, S(u))AW = E (LmeO T 6t 8(5)) (Wi(ty) - W(tj))>

=1

(F.5)
For the Wiener noise,

E(W(t;))W(tj,1)) =Min(t;, t;,,) = £ E(W (5;) W(t))) =t

Thus

N-1
f(Z e vi)-wie)) -0 @
=1
The Fisk-Stratonovich [12, 13] integrals imply that

Gz(u,S(u))dW—>E<LimA4,OI\Z <% M)(W(fﬁl)-w(fﬂo
(F.8)

t
|
1,

0

W ()W (1) = W(tj)W(tj))> (E.9)

-E G W(tN)2> -E G W(f1)2>

Appendix G. Three Explicit Calculations
as Examples

Example 1. Let

S(t)=w(t) +&(t), G, =w, G, =1 (G.1)
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The solution is

S(t, ty,50) = 5o + J w(u)du + J E(u)du (G.2)

The expectation is

t t

w(u)du+ Q' (t, 1)) =5, + J w(u)du

)

E(S)=s, +J

)

E($) = (so + Jt w(u)du) + O (t, 1)

ty

(e
—
)
3
S—
Il
t
7N
/N
1%
(=]
+
=
£
=
QU
<
+
=
o~
—~
=
Qu
<
~_—
Y
~

(G.3)
Thus,
2
0E(S) ——w(t,), 0E(s) -1 0 E(ZS) o
ot, 0s, 0s;;
2E(S?)

TR <s0 + Jtow(u)du> (~w(ty)) + Dy (1, 1)

OE(S?) _ 2<SO+ Jt o) du)) @ . (G.4)

0s, t 0sg
Hence,
0E(S 0E(S
t =0
T
0E(S?) 0E(S*)  ~ *E(S?)
R t, I'(tt =0 5
ato +w( 0) aso + ( O) asoz (G )

Example 2. Let
S(t) = bS(t) +&(t), G, = bS(t), G, = 1 (G.6)

The solution is
t

S(t,tgs So) = SoExp(b(t —ty)) + Exp(bt)J Exp(—bu)&(u)du

0 (G.7)

The expectation is

E(S) = soExp(b(t - 1))

15

E(S?) = sgExp(2b(t — ty)) + Exp(2bt)E ( Ut Exp(—bv){(v)dv:| )

ty

(G.8)
Thus
T =sbsp(b(t- )b, S5 =Bt ), “5L =0
(G.9)
2
az:;)(ts ) soExp(2b(t — t,))(~2b) — 2Exp(2bt)
0
-E (J EXP(_bV)f(V)EXP(_bto)E(to)d">
= soExp(2b(t — t,))(—2b) — 2Exp(2bt — bt,)
: (J E(EXP(—bV)E(V)E(fo))dV>
2 2 2
aEa(SS) =25,Exp(2b(t - t,))s o aEs(i) = 2Exp(2b(t - t,))
0 0
(G.10)
Hence,
0E(S) 0E(S) _
at, + bs, 35, =0 (G.11)
0E(S? 0E(S?) ~ 0’E(S?
) 1, ) 1y TS

= s;Exp(2b(t — t,))(~2b) — 2Exp(2bt — bt,)

: (Jt E(Exp(—bv)E(v)E(to))dv> +2bsgExp(2b(t — t,))

)
t

+ 2Bxp(2b(1 - 1) | EE(0)E()v=0

0 (G.12)

t

|| B0 Exp(-ov)£(0))dv= | Bxp-mB(E(r (0

) ty

- Jt Exp(—bt,)E(§(t,)E(v))dv

ty

(G.13)
Example 3. Let
S(t) =w(t)S(t) + S()E(t), G, =wS, G, =S (G.14)
The solution is

t t

S(t, tg, s) = soExp <J w(u)du + J f(u)du) (G.15)

) ty
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The expectation is

E(S) =s,Exp (J;w(u)du> E (Exp (Jif(u)du) )
E(S%) = sgExp <2£Uw(u)du> E <Exp (J;ZE(u)du> )

Now,

E (Exp (Ji E(u)du)) = E(l + (Ji {(u)du) + % (]i E(u)du)z
+ % (J;E(u)du> 4+~-->

1 1 1
=1+0'(t, 1) + 5_Oz(t, ty) + 5930, to) + IQ4(t’ Lo)+er

(G.17)

Assuming Gaussian noise {(¢) in (G.17) implies

E(Exp (Jt E(u)du)) =1+) %Q"(t, to)

- +zl (211)! (Znn!)! (Q (;’ t0)>n
a5
= Exp (Qz (;’ tO))

(G.18)

E(S) = soExp (Jt w(u)du) E <Exp (Jt f(u)du) )
E(S?) = ssExp ( 2 t w(u)du) E (Exp (JI 2{(u)du>>

2 t w(u)du + 20Q%(t, t0)>

ty

E(S") = soExp (n t w(u)du) E (Exp (Ji n&(u)du) )

t

nJ w(u)du + %2.(22(1‘, t0)>

(G.19)

Journal of Applied Mathematics

agff) = soExp <Jt w(u)du + o (;’ t°)> (—w(to) + Dzﬂz(t’ t°)>

0E(S) Exp< [ 2, m), P(ES) _

=
0s§

% = saExp <2Jf w(u)du +20%(t, t0)> (m2w(ty) + 2D,0%(t, t))

0

t
=2s,Exp <2j w(u)du +20%(t, t0)> ,
0s,

(G.20)

E(S" t 2
w =soExp <nJ w(u)du + n—Qz(t, t0)>
) 2

)

: (—nw(to) + %ZDZQZ(t, t0)>

n t 2
OE(S") :nsg_lExp (nJ w(u)du + %Qz(t, t0)>
s

ty

IE(S") n-2 ' n
TOZ =n(n-1)s; “Exp thow(u)du+ ?Q (t:ty)
(G.21)
Hence
JE(S)

ato + (w(t)so + f(t, to)_go) ags(:) — SOEXP (It w(u)du . Qz(;) to))

fy

(—w(to) + w> + <w(t)so + f(t, to)so)

Exp (Jt w(u)du + Qz(; t0)> =0

ty

(G.22)

0E(S?)

5t (w(t)so +I(t, to)so) 9E(S)

So

2
05, o

(—Zw(to) +2D,%(t, t))

27 aZ(Sz) 2 ' 2
+5,°I(t, ty) —=—= =s,Exp ZJ w(u)du +20°(L, t)

+252Exp (th w(u)du + 202(t, t0)> (w(t) +I(t, t0)>

ty
t ~
+2s5Exp <2J w(u)du +20Q%(t, t0)> T(tt,)=0

)

(G.23)
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JE(S" -
];(tso ), (w(t)so +I(t t0)50> 3%,

JE(S")

Zn)

- t
+5°T(t, ty) aa% =soExp <nJ w(u)du + %Qz(t, t0)>
0
n? B
—nw(ty) + TDZQ (t, ty)

+S'Exp (th w(u)du + %ZQZ(t, to)) <w(t) +I(t, to)) n

ty

+soExp (th w(u)du + %zﬂz(t, to)) f(t, to)n(n—1)=0

ty

(G.24)
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